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Positively invariant semi-implicit discrete model for malaria
propagation

Istvan Faragé - Rahele Mosleh

Abstract In this paper, we consider the malaria propagation process for infected pop-
ulations for humans and mosquitoes with an extension of the classical Ross model. The
numerical model is constructed by using the semi-implicit §-method. We show that the
numerical solution and the total populations of the extended Ross model are positively
invariant in specific intervals for some step sizes. We demonstrate the validity of the the-
oretical results of the semi-implicit method by numerical simulations for some examples.
The results are significant extension of the results of paper [9].
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1 Introduction

Malaria is an infectious and lethal host-vector disease that is transmitted by
the bites of infectious female Anopheles mosquitoes as vectors to humans as
hosts. It is an ancient disease and individuals have to deal with this disease
since there is no effective vaccine. This phenomenon depends heavily on
climatic factors, including temperature, altitude, precipitation, and raised
humidity. This implies that the distribution and transmission of malaria is
increased by high temperatures, rainy seasons and increased humidity, the
reason it is spreaded out in tropical and subtropical regions such as Africa,
Asia, Latin America and also some parts of Europe like Hungary, Austria,
TItaly [1], [13].

Some mathematical models such as Ross, Ross-Macdonald, delayed Ross-
Macdonald, Anderson and May models and others have been built to gain
a better insight into the spread of malaria and decrease its effects in the
world. As an SIS-Type model, the Ross model is discussed for humans and
mosquitoes in constant population sizes and the solutions are densities in
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2 Istvan Farago, Rahele Mosleh

the interval [ 0,1] (c.f. [7]). In this analysis, we consider an expansion of the
Ross model to take more effective malaria factors into account.

As the solutions of the extended Ross mode are the number of the indi-
viduals, they should be positive. Analytically, it is shown that the extended
Ross model is well-posed and the solutions are positively invariant in certain
intervals (c.f. [6]). Moreover, there are two equilibrium points, disease-free
and endemic, which under certain constraints, are globally stable (c.f. [2],
[5], [8]). The numerical model obtained by using the explicit Euler method
is investigated in [9] and the condition of the positivity preservation prop-
erty is given. This approach allows us to use only relatively small step sizes.
Therefore in this paper we suggest to use implicite discretization method
which enables us to select bigger step-size. The fully implicit method for
the extended Ross model is rigid to prove the positivity preservation for
the solutions, therefore a semi-implicit method is applied. We show that
this kind of discretization allows us to select bigger step-size under which
the postovoty is preserved. Moreover, in this paper we also investigate the
upper bound preservation property of the solution.

As a brief outline, section 2 interprets the extended Ross model biologically
and qualitatively. In section 3 we consider a semi-implicit method to prove
the positively invariant solutions for humans and mosquitoes. Section 4
simulates the theoretical results of the semi-implicit method numerically
with examples. Section 5 gives a summary of the results.

2 Mathematical models for malaria transmission

A diversity of mathematical models of malaria transmission have been de-
veloped to explain the dynamics of malaria spread as epidemiological mod-
els to some extent. Ronald Ross [12] introduced the first model of malaria
transmission. In this model, the human and mosquito populations are split
into two subclasses, infected and susceptible individuals, and the birth and
mortality rates are the same.

2.1 Ross model

According to the Ross model, the dynamics of malaria transfer is described
through a system of ordinary differential equations as below:
Sn(t) =7 — aly(t)(1 = I(t)) — 7Su(t)
In(t) = adm () (1 — In(t)) — rIn(t)
Sm(t) = p = BIn(E)(L = In(t)) — pSm(t)
Im(t) = ﬁlh(t)(l - Im(t)) - :U’Im(t)
with given nonnegative initial values satisfying the following conditions:
Sn(0) + 1,(0) =1
Sm(0) + In(0) = 1

(2.1)

(2.2)
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Positively invariant discrete model for malaria 3

Here Sy(t) denotes the density of host susceptible humans at time t, the
density of infected human at time t is defined by Ij,(¢t), Sp(t) and I,,,(t),
respectively, signify the densities of susceptible and infected mosquitoes at
time t. Biologically, the other parameters «, 3, r and p are defined as the
proportion of bites that produce infection in humans, the proportion of bites
by which one susceptible mosquito becomes infectious, the rate of the death
for humans and the rate of the death for mosquitoes, respectively.

Since the solutions of the Ross models are densities, they should take values
in the interval [0,1]. This property is proven in [7] analytically and numeri-
cally. The Ross model (2.1) fails to introduce an adequate model for malaria
transmission by the following reasons:

— There are no vital dynamics for the total populations. In other words, the
birth and mortality rates are assumed to be equal, outcoming the total
population sizes are constant for humans and mosquitoes.

— As malaria parasites have some latency period in humans and mosquitoes
bodies, there is an intermediate state between the two susceptible and
infected compartments known exposed. It means that the transition from
the susceptible state to the infected state is not direct.

— Since the Ross model (2.1) is a SIS-type model, the recovery state, R(t),
is not considered for humans.

2.2 Extended Ross model

In this section, we discuss an extended Ross model which is able to dispel the
aforementioned deficits of the Ross model (2.1) to some extent (c.f. [10]). In
this model we divide the humans population into four groups: susceptible
humans, exposed humans, infectious humans and recovered humans.The
population of mosquitoes is split into three subclasses, unlike the humans
population. Due to the short life time, mosquitoes do not have enough time
to meloriate and they die after infection. By some biological interpretations
[10] the malaria propagation is sketched as below:

S (t) = A, — eSnLet) _ 6y (8) 4+ WRy(F)

n

14vp L (L)
E(t) = G200 — (a, + pn) En(t)
() = anEn(t) = (r + pn + 1) In(t)
Ry (t) = rln(t) — (un + w) Ri(t) (2.3)
Sin(t) = Ay — LR — pn S (1)
Em(t) = % — (am + pm) Em (t)
Im(t) = amEm(t) = (ttm + 0m) In ().

The following initial conditions are applied:

Sn(0) = Son, In(0) = Ion, ER(0) = Eon, Rp(0) = Rop,
Sm(o) - SOM7 Em(o) = E0m7 Im(o) = IOm'
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4 Istvan Farago, Rahele Mosleh

Here function Sy, (t) denotes the number of the host susceptible humans at
time t, the number of the host exposed humans to malaria infection at time
t is denoted by Ep(t), the number of the infected and the recovered humans
at time t are characterized by Ij,(t) and Rp(t) respectively.
In order to interpret a more accurate model, the model (2.3) takes into
account population dynamics by considering various birth and death rates.
We assume that all the newly born children are healthy, so the recruitment
terms, (A, A,,), are the birth rates applied as inputs for the susceptible
class (Sh, Sm).
The biting rate of the mosquito is denoted by b and the parasites injected by
the mosquito into the human blood system with some probability 3; spend
some a latent period in human body then the susceptible human moves
to the exposed class Fj(t). After the latency period the exposed human
is proceeded to the infected class with some «, rate. The infected human
transfers to the recovery class with some rate r. The recovered state Rp(t)
contains the recovered humans. The recovered human has some immunity
to the disease however, after a while the individual loses the immunity and
becomes susceptible again by w pace. Each class of humans is decreased
by the natural death rate, up, according to the model (2.3), and only the
infectious class is decreased by the death rate caused by disease, dj,.
In a similar way, [, is the probability of the parasites transitioning into
the susceptible mosquito S, (t) through the bites of an infected human and
the susceptible mosquito moves to the exposed class E,,(t). After a given
time it becomes infectious I,,,. The mosquitoes population is decreased by
natural death rate p,, or disease induced death rate d,,.
The ratio ———————— denotes a saturating feature that prevents the force of
1+ Vhlm<t)

infection from infected mosquitoes to susceptible humans in which v, € [0, 1]
is the proportion of antibodies produced in humans bodies in response to
the conflict of antigens produced by infected mosquitoes. By similar inter-
pretation for mosquitoes, v, € [0,1] is the rate of antibodies generated by
infectious humans against the antigens contacted.
Since the malaria transmission occurs in an inharmonious population, the
epidemiological model (2.3) must partition the population into groups, in
which the members have similar characteristics such as mode of transmis-
sion, contact patterns, latent period, infectious period, genetic susceptibility
or resistance. Accordingly, the total humans population size at time t, V,(t),
is defined as

Vi(t) = Sp(t) + En(t) + In(t) + Ry(t). (2.5)
The same definition holds for the total size of the mosquitoes population,
Vin(t), at time t

Vm(t) = Sm(t) + Em(t) + Im(t)~ (2'6)

Analytically, it is proven [6,10] that solutions of the extended Ross model
(2.3) are invariant in the intervals (0,42] and (0,4=] at time t for humans and

Hh Hom
mosquitoes respectively. According to the aforementioned intervals, when
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Positively invariant discrete model for malaria 5

the rate of natural mortality for either humans or mosquitoes vanishes,
the size of the corresponding total population is unbounded. Biologically,
it means when there is no natural death, then the number of the total
population blows up.

We note that 2.3-2.4 yields a Cauchy-problem for the system of nonlinear
ordinary differential equations. Since the analytical solution cannot be de-
fined, we have to use some numerical method, which results in the discrete
model got the malaria propagation.

3 Semi-implicit method applied for the extended Ross model

At the first step we apply the standard implicit #- method for the extended
Ross model to approximate the numerical solutions of the system (2.3) as
below:

gitl_gi b8, Si I . .
St = (-0 — Sl — S+ wR))

b Sv‘,+1]1+1 . .
HO(An = B2 — S w Ry
Ei+17Ei b LS% I;‘,n .
B = (1= (307 — (on+ ) B}
b8, St i+ i
+0( 2l — (g + ) B}

i+1_ 7 . .
bl = (1= 0)(an B} — (r+ pn + 04)I})
+O(an BT = (r 4 pn + 0p) 1)
RY-R, i i
= A =0)(rL — (pn +w)R}) (3.1)
HO(rL — (un + w) R
Sit1_g BB, ST} ;
e = (1= 0)(Am — Heagd — i S7)

At 1+vm I}
meSi:rlliJrl i+1
+9(Am - 1+Vm1flf1 - MmSm )

Ei+1_Ei b msi [i .
Bt = (L= 0) (et — (m + om) Ey)

1+VrII}L
bBn S :
+9(W - (am + Mm)Erlrj_l)

B = (1= 0) 0 Bl — (i + 0) 1)
FO(amER — (pm + 0m) 1)

However, the system (3.1) is a system of nonlinear algebraic equations.
Therefore, there are some difficulties to prove the positivity preservation of
the solutions by algebraic tools. Since the nonlinearity is a specific structure
appearing in the force of infection terms only, we apply the following semi-
implicit method a nonlocal discretization of the implicit method (3.1) :

201



6 Istvan Farago, Rahele Mosleh

Sitl_si bBrSi I, i i
= (1= 0)(An — ffw, T = WSy, T why)

O = R — S wR))

Eit'_Ei b3S, ;
= (1= 9)(71[3+hy,hﬁ1 — (an + pn) Ey)

+O( L2 [{ — (ap + )BT

i+1_ 7
gt = (L= 0)(@nEj = -+ o+ 80)1})
+0(an BT = (r+ i+ ) I,

RiM-Rp i i
At ( 9)(TI (Mh + w)Rh') (32)
i FO(rIit — ﬁwsl p'WR;l) '
ST = (1 0)(4 — Sl — ST
b 7nsi+1li+1 .
(A = 2 — i Sit)

Eir—E; b8 Si I i
e = (1= 0) (ot — (am + ) By

By, ST ;
+9(61+V774£1 - (am + /Lm)E;;rl)

i+1_Ji . .
Lol = (1= 0)(amEl, — (pm + 0m) Thy)
+9(amE7lﬁH — (tm + 5m)-[rzr—z|—1)'
The system (3.2) is a linear system for which we are able to define the
solutions explicitly as below:

SE(1— At(1 = 0)(L225 + i) + At(A + wRS)

Sptt = , (3.3)
1+ AtO(50e0% + )
7 b, hS;L " b, hS
g Ej (1 — A1 = 0)(an + pn)) + At(1 — 0) e + Atf ﬁumm
" 1+ At (o + pn) ’
| | (34
it L1 — AL = 0)(r + pp + 61)) + At(L — O)ay B + Atba, B
h 1+ AtO(r + pp, + 61) ’
_ 4 3.5)
Ritl _ Ri(1— At((1 = O)pup + w)) + At(L — O)r} + AtorD (3.6)
h L+ At ’ '
_ Sia(1 = At(1 = 0)($22i + ) + At A,
St — e : (3.7)
1+ At@( Bm ;H—l + Mm)
. i i4+1
Ly B A0) (0 i)+ AT(1-0) o5 I{h + Atp e *;,ﬂl
Eit! =
" 1+ A0 (o, + pim) ’

(3.8)
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Positively invariant discrete model for malaria 7

It (1 — AL = 0)(ptan + 6m)) + AL(L — @) EL + At ELHL
1+ AtO(pm + m) '

i+l _
I, =

(3.9)
Since analytically we proved the solutions and total populations of the ex-
tended Ross model (2.3) are invariant on the intervals (0, %] and (0, ﬁ—m]
for humans and mosquitoes, respectively (c.f. [6], [8]), we shall consider this
property for the discrete model (3.2), too. For this aim, we need to guar-
antee that for any Si, Ei, I! | Ri, and V} on the interval (0, ﬁ;] and for
any S¢ . E! TIi and V! on the interval (0, ﬁ—m] the discrete model (3.2)
results the solutions SZ“, E,"fl, I};“, R;L“, and V,f“ on (0, %] and S+

EiHL T and Vit on (0, ﬁ—] At the first step we consider the positivity

m ) im m

preservation of the solutions.

Lemma 1. Let Ay, Ay, > 0 and the initial data of the system (3.2) are on
the intervals (0, %] and (0, ﬁ—m], respectively. If

HBm+Vh Am
AL d S TowE At Gy 0 €00.1) (3.10)
is any 0=1,
then S of the system (3.2) is positive.
Proof. From the first equation of the system (3.2) we have
: bBu L, : by SL I , .
S 1+ At (— =Sh+At(Ap—(1-0) (=2 414, S) ) +wRj,).
no (4 (1+Vh—7$n+uh)> h+AL(Ap—( )(1+thrzn+uh h)twhRy)
(3.11)

At the first step, we assume that # does not equal one, i.e., 1 — 0 #0

If the right side of (3.11) is positive, then the required inequality S,il"'l >0
holds. This means the condition

) b8y SL It ) )
Sp > At((1 — 9)(M + ppSy) — (A + wR})). (3.12)
1+ Vh[;n
When
bBRSLIE, 4 -
_ him iy _ i) < .
(=GR s~ (A +wR) <0, (313)

then the inequality (3.12) is valid for any step size At. Otherwise, we have
the bound

Sh

VST, ; Z—
(1 - 9)( :[ﬁ-i'-th'in + /LhSh) — (Ah + UJRh)

At <

. (3.14)
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8 Istvan Farago, Rahele Mosleh

Clearly,
bﬁhs,h — < ST i —. (3.15)
(1= 0) (i + pnSy) (1= 0) (i + pnSy) — (An + wRY)
Therefore, the condition
1 Il
At < + Vhm (3.16)

= (1= 0)(bBRIE, + pn (L +viT,))

is a sufficient condition of the positivity for S;;H. Since the right side of
(3.16) is a monotonically decreasing function of I’ and I’ € (0, ﬁ—m], under
the condition

Hm + VhAm
(1 - 9) (bﬂh/lm + /f'h(ﬂm + VhAm))’

the required positivity property for S,ifl holds. For 8 = 1, we have the
following equation

At < (3.17)

Sit1 = S,§+At£Ah+wRZ’)
1+ At(725 + pup)

(3.18)

Obviously, for this case, SZ+1 is positive unconditionally for any step size
At.
O

In the following, we analyze the positivity of the other classes for humans.
The second equation of the system (3.2) yields

| ' b3,Si I ' b3, ST
El+1 1 A :El A 1 M_ EZ M .
A uctin)) = B A=) (T b = (cackin) B+ 0=
(3.19)

The value of E,’fl is positive provided that the right side of the equation
(3.19) is positive. Hence, when

bBRSLTE, , bBRSITIE
(1- 9)(ﬁ — (an + ) Ep) + GW =0, (3.20)

then E;‘L“ is positive for any step size At. Otherwise, for 1 — 0 # 0 we have
the bound

At <

i
Eh

; b, 1SiI};,1 b, 3 m
(1= 0)((an + ) B, — WSl gt 5.

(3.21)
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Positively invariant discrete model for malaria 9

Provided that (3.10) is satisfied, the following estimation is valid

E! < E!
_ i i bBRSIIE bBR ST I
(L= 0)an+un)E}, = (1 0)((ap + pn) Ei — fml% )—6 ﬁlm%
(3.22)
Therefore,
1
At < (3.23)

(1= 6)(on + pn)

is a sufficient condition to attain the positive E,ifl > 0. For 6§ =1 we get
. it+1 i

Ei + A5l

14+vp 1t
m_ 3.24
1+ At(ap, + pn) (3:24)

i+1
k7 =

Since in this case S,i“ (3.18) is positive unconditionally for any step size,

E;fl > 0 for all step sizes. Similarly, we get I}ifl > 0 provided that (3.23)

is satisfied and .
At < , 3.25
T (1 =0)(r+ pn +6n) (3.25)

for 1—0 # 0 and for all step sizes when § = 1. Moreover, we obtain R;:rl >0
as long as (3.25) holds and

1
A< ———— 3.26
ST 0w+ o (3:26)
for 1 — 6 # 0 and
1
At < — (3.27)
w

for # = 1. Hence, we can summarize the results as follows.

Lemma 2. Assume that Ap, A, > 0 and the initial data of the system (3.2)
A

are on the intervals (0, u;] and (0, ﬁ"l], respectively. If
: M+ A 1
M TG 58 At i o Fon ) (T=00(anFran)

At < L1 0c0,1) (3.28)

1
(11—9)(7“+Mh+5h) > (1=0)pnt+w

w
then E,ifl, I};“, and RZH of the system (3.2) are positive.

Similar results can be formulated for mosquitoes, as well.
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10 Istvan Farago, Rahele Mosleh

Lemma 3. Suppose Ay, A,, > 0 and the initial data of the system (3.2) are
on the intervals (0, ﬁ}’] and (0, 2—], respectively. If

; 1 Hntvm A

A4 S M Ty e At Gty ) 0 €10.1)

te (3.29)
is any 0=1,

then SiHL of the system (3.2) is positive.

Proof. From the fifth equation of the system (3.2) we have

, bBm I , By Sk I ,

L A(—2 1)) = SE 4+ AL (A, —(1—0 mOmlh i)

ot (1 Ay i) = St A= (1=0) (TS24 1nS0)
(3.30)

When 1 — 60 # 0 and (3.25) is satisfied, SiF! is positive provided that the
right side of the equation (3.30) is positive, i.e.,

bBmSE I}

s At((1—6 , wSEY) — A). 31
S > At(( )(1+uml,g+“ Sm) ) (3.31)
When o
b3, St It ,
1—0)(—=""h 4y 88 — Ay, <0, 3.32
( )(1+me2+# ) < (3.32)

then the inequality (3.31) is valid for any step size At satisfied in the con-
dition (3.25). Otherwise, we have the bound

S

At < - . (3.33)
- b8m 531 i
(1= 0)(*Fe + i Siy) = A
Visibly,
S St
o < = . (3.34)
BB Sin 1 ; 5B S 1, i
(1= ) (e + i) (1= O) (20 + i Sy) = A
Accordingly, the condition
1 I
At < Y (3.35)

(1 - 0)((1 + VmI}iL)Mm + bﬂmliil)

is a sufficient condition of the positivity for Si+!. Since the right side of
(3.35) is a decreasing function of I} and I} € (0, ﬁ—:], we attain

ik + Vm Ap
At < .
T (1= 0)(bBmAn + pm (i + v Ap))

Suppose 0 = 1, then we have the following expression

(3.36)
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Positively invariant discrete model for malaria 11

Sitl — Sm + Am : (3.37)

1+At( bt I+1 + tom)

As in this case I;LH is positive unconditionally for any step size, Sif! is
positive for any step size At.

d
The sixth equation of the system (3.2), yields
i i bBmSi 1} i
B (14 At + i) = B, + At((1 - 9)(Tl/m[? — (oo + pm ) Epy )+
bﬁmsz+1]l+1
) G

The value E4H! is positive as long as the right side of (3.38) is positive.
When

bﬁmsinlﬁ ) bﬁmSlJrlIZJrl

1-6 b + pm) EY > 0, 3.39
(L= O = (amb ) L)+ 670 (339

Ei+1 is positive for any step size At. Otherwise, for 1 — @ # 0 we have the
bound

7
Até . Er[?g Si Ji b3 gitlpitl - (340>
(1= O)(m + ) By = 35,28 = 0753 02t

If (3.25) and (3.29) are satisfied, the following estimation is valid

E,, E,,
; < P— Flpil
_ ; b8 St Ii bBm S
(1= 0)(m + 1) Efy ™ (1~ 0)((apm + i) i, — Pnliik) — 6 61+um1;+h1 )
, (3.41)
ence,
At < L (3.42)
(1= 0)(am + pm) .
is a sufficient condition to get E:+! > 0. If § = 1, we acquire
bBm St LT
o Bt AT
ET = (3.43)

1+ At(am + pim)
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12 Istvan Farago, Rahele Mosleh

Since I;LH and SiH! are positive for all step sizes, EiF! is positive uncon-

ditionally for any step size. Similarly, I':F! is positive provided that (3.42)
holds and )

At < 3.44

= T 00 + ) (340

for 1 — 0 # 0 and without any restriction for any step size for § = 1. There-
fore, we can summarize the results as follows.

Lemma 4. Suppose Ay, A, > 0 and the initial data of the system (3.2) are
on the intervals (0, %] and (0, %], respectively. If

o1 PrtVmAn 1 1 1
At {5 TN T=g{ G A F i Gin ) T 0 @b e s 0 €10,1)

is any =1,
(3.45)

then the solutions E:F! and I of the system (3.2) are positive.

Lemmas 1-4 give sufficient conditions for the positivity preservation prop-
erty of the model (10). In the following we show a sharper property of the
model.

Theorem 3.1 Assume that Ap, A, > 0 and the initial data of the system
(8.2) are on the intervals (0, %] and (0, %], respectively. If

h = min{hl, hg}, (346)
where
h . { Hm + VhAm 1
= min ) )
! (1= 0)(0BrAm + pn(pm + vadm)) " (1 —0)(an + pn)
1 1
, 3.47
=00+t o0 G— 0o &40
and
I . { wh + v Ap 1 1 }
= min , ; )
: 1-0 (b/BmAh + Nm(ﬂh + VmAh)) (am + Hm) (Hm + 5m)

(3.48)

for the semi-implicit model (3.2), then the solutions and total populations
are invariant on (0, ﬁ;] and (0, ﬁ—"] for humans and mosquitoes respectively
for the discretization step size At € (0,h*] for 1 — 6 # 0 and for step size

At € (0,2] when 6 = 1.

Proof. In this part, we shall prove invariance of the positivity preservation

of the total populations on the intervals (0, ﬁ]’] and (0, ﬁ"] for humans and

mosquitoes, respectively. For this aim, we should demonstrate if the number
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Positively invariant discrete model for malaria 13

of the total populations at time ¢; are on the intervals V}f € (0, %] and

Vi e (0, ﬁ"] for humans and mosquitoes respectively, the discrete model

m

(3.2) guarantees that V;'! € (0, %} and V,i+l € (0, ﬁ"], too. The number

of the total population in the discrete model (3.2) for humans at time ¢;41
is defined as

Vit =g+ B+ LY+ Ry (3.49)
According to Lemma 1 and Lemma 2, if the initial data of the system (3.2)

are on the intervals (0, ﬁ;] and (0, ﬁ:}, respectively and (3.28) satisfy, the

values of SZ+17 E;'LH, I,’;H, and R};H are positive, therefore V}fH > 0.
By adding the terms of the system (3.2) and the number of the total pop-
ulation definition for humans (3.49) we attain

Vi (14 AtOpy) = Vi+ At(Ap— (1=0) Vi — (1—-0) 8,1} — 05, I;)). (3.50)
If 1 — 0 # 0 and (3.28) is satisfied, we have the bound
VI 1+ AtOuy) < V(1 — AL — 0)pp,) + At A, (3.51)
Let V} < %, from the right side of the inequality (3.51) we obtain

. A
Vi1 — AL = 0)pp) + AtA, < Mla — A1 = O)pp + Atpr).  (3.52)
h

According to (3.51)-(3.52) we get

: A
Vit (1 + Atfun) < “2(1 + Atbuy,). (3.53)
K
Consequently,
yitt o A (3.54)
h th '

When 6 = 1, the value of I,’;H is positive for any step size. Therefore from
(3.50) we have the following bound

Vi (1 + Aty) < Vi + At4y, (3.55)
If V}f < ﬁ—}’, we attain
. Ah
yitl <« 28 3.56
h M ( )

The relation V}f < % is valid for any i. Hence, for the initial total popula-

tions for humans we have V}? < ﬁ—” implying the invariancy of the number of
the total populations for humans in the interval (0, %] As a result, the so-
lutions of the system (3.2) for humans are bounded and positively invariant
in (0, %] Similarly, the solutions for mosquitoes are bounded and positively

invariant in (0, ﬁ“]

O
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14 Istvan Farago, Rahele Mosleh

4 Numerical simulations

We demonstrate the theoretical results given in section 3 with some numer-
ical examples. Also, we inquire about the positivity preservation and the
sharpness of the bound (3.46) for the solutions and total populations for
humans and mosquitoes at any time. The applied parameters and initial
data are given in Table 1 [3], [4], [11].
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Fig. 1 Explicit Euler method (EEM), At=1.5
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Fig. 2 Explicit Euler Method (EEM), At=2.5

In this example, the step size tolerance for the explicit Euler method (3.2)
is h* = 1.96078. Fig. 1 denotes the validity of the Theorem 3.1 for which
At € (0,h*]. It means that the solutions are positively invariant in (0, %]
and (0, ﬁ—"‘] for humans and mosquitoes respectively. Fig. 2 exhibits the
numerical results for the explicit Euler method for At ¢ (0,h*]. In Fig.
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1) and the solutions are still positive for humans while in
0, ho] and the solutions are negative for mosquitoes.
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(a) Mosquito, At=4.5
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Fig. 3 Semi Trapezoidal Method (STM)

Fig. 3 visualizes the results of the semi trapezoidal method (3.2) for mos-
quitoes by the step size tolerance h* = 3.92157 and At ¢ (0, h*]. Fig. 3.(a)
states the bound (3.46) is a sufficient condition namely, we get the positive
solutions for At ¢ (0, h*] while Fig. 3.(b) denotes the negative solutions for
At ¢ (0, h*].
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Fig. 4 Semi Implicit Euler Method (SIEM), At = 30

Fig. 4 represents the solutions are positively invariant in (0, ﬁ—;] and (0, 4=]

? fm

for humans and mosquitoes respectively with the semi implicit Euler method
(3.2) for adequately large step sizes for humans and mosquitoes.
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Figures 5-7 denote the numbers of the total populations are invariant in

(0,42] and (0, 4=

]

212

for humans and mosquitoes respectively with the step



Positively invariant discrete model for malaria 17

sizes in the stability domain of the semi-implicit method. In this example,
the numbers of the total population for humans remain almost constant
while the numbers of the total population for mosquitoes decline and after
a while increase in the given time.

Table 1 Values of the parameters for the numerical results

S,(0) =10 | E,(0) =8 T,(0) =3 Rn(0) =1

S, (0)=1.3 | Em(0)=0.6 | I,(0)=0.4

Ap = 0.0027 | A, = 0.027 Br =01 B =03

fn =0.0001 | fm =0.010 | 6, =02x10"% | 8, =05

an = 0.067 | am =0.029 r=0.012 w = 0.0011
vh =05 Vi = 0.01 b=0.01

Vi (0) = 22 M =27 Vin(0) = 2.3 fm = 2.7

5 Conclusion

This paper discusses malaria propagation for infected populations for hu-
mans and mosquitoes through an extension of the Ross model. We construct
reliable discrete model by applying semi-implicit method. We show the in-
variancy property of this model and the number of the total populations
for humans and mosquitoes are also investigated. The obtained positivity
results for the extended Ross model are an extension of the results obtained
in [9] for the explict methods. The considered numerical examples validate
the theoretical results.
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